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Abstract— An infrastructure build in the data mining
platform which is reliable to challenge the commercial and
non-commercial IT development communities of data streams
in high dimensional data cluster modeling. The knowledge
discovery in database(KDD) is alarmed with development of
methods and techniques for making use of data. The data sizes
are generally growing from day to day. One of the most
important steps of the KDD is the data mining which is ability to
extract useful knowledge hidden in this large amount of data.
Both the data mining and healthcare industry have emerged
some of reliable early detection systems and other various
healthcare related systems from the clinical and diagnosis data.
In this paper we propose the enhanced data mining algorithm
for healthcare application. This proposed method is a critical
issue to predict the prognosis of adult disease patients due to the
possibility of spreading o high-risk symptoms in medical fields.
Most studies for predicting prognosis have used complex data
from patients such as biomedical images, biomarkers, and
pathological measurements. We demonstrate a language
model-like method for predicting high-risk prognosis from
diagnosis histories of patients using deep recurrent neural
networks (RNN), ie., prognosis prediction using RNN
(PP-RNN). The proposed PP-RNN uses multiple RNNs for
leaning from diagnosis code sequences of patients in order to
predict occurrences of high-risk diseases. Finally our
experimental result shows our proposed method can achieve
more accuracy result.

Index Terms— Big data, healthcare application, smart
homes, preprocessing, DM indicator, cluster analysis, recurrent
neural network, prediction.

I. INTRODUCTION

Healthcare systems are highly complex, fragmented and
use multiple information technology systems. With vendors
Incorporating different standards for similar or same systems,
it is little wonder that all-round inefficiency, waste and errors
in healthcare information and delivery Management are all
too common place an occurrence. Consequently, a patient’s
health records often get trapped in silos of legacy systems,
unable to be shared with members of the healthcare
community. These are some of the several motivations
driving an effort to encourage standardization, Integration
and electronic information exchange amongst the various

healthcare providers.

The study termed as developmental origins of health and
diseases or DOHAD has successfully proven the importance
of developmental records of individuals in predicting and\or
explaining the diseases that a person is suffering from. In the
current largely paper-based health records world, invaluable
data is more often than not unavailable at the right time in the
hands of the clinical care providers to permit better care. This
is largely due to the inefficiencies inherent in the paper-based
system. In an electronic world, it is very much possible,
provided certain important steps are taken beforehand, to
ensure the availability of the right information at the right
time.

Supervised learning is the machine learning task of
interfering a function from labeled training data. We are
using supervised learning for training set in this project.
Ensemble of classifiers is combinations of multiple
classifiers, referred as base classifiers. Ensembles usually
achieve better performance than any of the single classifiers.
In order to build a good base classifiers, also the base
classifiers must be diverse, this means that for the same
instance, the base classifiers return different outputs and their
errors should be in different instances.

In this project we develop a hybrid predictive model for
electronic health records (EHR) using ensemble method and
calculate classifier accuracy by analyzing the limitations of
the previous developments and a few advancements are made
to the project.

A. OBJECTVES

The main objectives of this project are the decision tree is
to create a model that predicts the value of a target variable
based on several input variables. This type of learning is one
of the most successful techniques for deep learning neural
network to be classified as: medical data analysis,
bioinformatics, drug event detection, clinical investigation.

B. ATTRIBUTES:

The attributes such as age, sex, family history of diabetes,
body mass index, waist circumference, systolic and diastolic
blood pressure, antihypertensive and corticosteroid
treatments, history of high blood glucose, smoking status,
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physical activity, consumption of fruits and vegetables,
fasting glucose, HDL-cholesterol, and triglycerides were
used to construct the risk algorithms. Frailty, assessed and it
is denoted by the presence of 3 or more of the following
indicators: self-reported exhaustion, low physical activity,
slow walking speed, low grip strength, and weight loss;
“prefrailty” was defined as having 2 or fewer of these
indicators. Direct risk factor such as obesity or being
overweight, especially around the waist, getting little or no
exercise, high blood pressure, heart or blood vessel disease
and stroke, low levels of “good” cholesterol(HDL), high
levels of fats, called triglycerides, certain mental health
conditions, polycystic ovary syndrome, smoking, stress, too
much or too little sleep.

VARIOUS DIDEASES: type 2 diabetes-A chronic
condition that affects the way the body processes blood sugar
(glucose). Type 1 diabetes-A chronic condition in which the
pancreas produces little or no insulin. Prediabetics-A
condition in which blood sugar is high, but not high enough
to be type 2 diabetes. Gestational diabetes-A form of high
blood sugar affecting pregnant women.

Il. PROPOSED MODEL.:

In this project, we suggest by RNN classifier as neural
network ensemble that can incorporate different base
classifiers into classifier ensembles models for classification
problems. This project suggest that the impact of using
different base classifiers on classification accuracy of RNN
classifier ensemble. Classifier ensembles with five base
classifier has used on five medical data sets. These results
evaluated and compared choosing different type of decision
tree algorithms for base classifier. The reliability of
classification for most of datasets and classifier ensembles is
increased when we select the appropriate RNN classifier
achieves the minimum time required to build models.

1) ADVANTAGES:

It is simple to understand and interpret and able to handle
both numerical and categorical data, which requires little data
preparation, for possible to validate a model using statistical
tests, performs well with large datasets.
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I1l. CLUSTERING ANALYSIS

Discovering appliance-to-time associations is vital to
health applications that monitor patients activity patterns on a
daily basis. The size of the cluster that describes such
associations is defined as the count of member in the cluster
as well as its relative strength. Clustering analysis is the
process of creating classes (unsupervised Classification) or
groups\segments (automatic Segmentation) or partitions
where members must possess similarity with one another, but
should be dissimilar from the members of the other clusters.
In our model, incremental progressive clustering is obtained
by consolidating existing and newly discovered clusters of
each successive mining operation into the database. This
information along with inter-appliance associations are used
for predicting the activities inside houses as described next.
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A. RECURRENT NEURAL NETWORK

In this project, we suggest by RNN classifier as neural
network ensemble that can incorporate different base
classifiers into classifier ensembles models for classification
problems. This project suggest that the impact of using
different base classifier or classification accuracy of RNN
classifier ensemble. Classifier assembles with five base
classifier has used on five medical data sets. These results
evaluated and compared choosing different type of decision
tree algorithms for base classifier.

The reliability of classification for most of datasets and
classifier ensembles is increased hen we select the
appropriate RNN classifier achieves the minimum time
required to build models.

A recurrent neural network is a class of artificial neural
network where connections between nodes form a directed
graph along a sequence. This allows it to exhibit temporal
dynamic behavior for a time sequence. Unlike feed forward
neural networks, RNNs can use their internal state to process
sequences of inputs.

Note that the time t has to be discretized, with the
activations updated at each time step. The time scale might
correspond to the operation of real neurons, or for artificial
systems any time step size appropriate for the given problem
can be used. A delay unit needs to be introduced to hold
activations until they are processed at the next time step.

If the neural network inputs and outputs are the vectors x(t)
and y(t), the three connection weight matrices are WIH,
WHH and WHO, and the hidden and output unit activation
functions are Hand fO, the behaviour of the recurrent
network can be described as a dynamical system by the pair
of non-linear matrix equations:

h(t) = FH(WIH x(t)+WHHh(t 1))
y(t) = fO WHO( h(t))
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IV. RESULTS ANALYSIS AND DISCUSSION

Based on the above results, we can easily see the strong
relationship between appliance usage inside the smart houses
and human activity recognition. Learning the
appliance-to-appliance and appliance-to-time associations
extracted from the frequent pattern mining and cluster
analysis are key processes to track patients\people’s routines
and possibly provide them with health services when needed.
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V. CONCLUSION AND FUTURE WORK

We presented a model for recognizing human activities
patterns from low resolution smart meters data. Occupants’
habits and behavior follow a pattern that could be used in
health to the applications to track the wellbeing of individuals
living alone or those with self-limiting conditions. In our
current work, through experiments, we found that 24- hour
period was optimal for data mining, but we built the model to
operate on any quantum of time, we are planning to refine the
model and introduce distributed learning of big data mining
from multiple houses in a near real-time manner. This will
help health applications to promptly take actions such as
sending alert to patients or care providers. Furthermore, we
are planning to build a health ontology model to
automatically map discovered appliances to potential
activities. This means we can efficiently train the system and
increase the accuracy of detecting human activities.



International Journal of Emerging Technology in Computer Science & Electronics (IJETCSE)
ISSN: 0976-1353 Volume 26 Issue 2 — MARCH 20109.

REFERENCES
[1] N. United, “World urbanization prospect.”United Nation, 2014.
[Online]. Auvailable: http://dl.acm.org/citation.cfm?i d
=308574.308676.

[2] M.S. Hossain, “cloud-supported cyber-physical localization
framework for patients monitoring, "IEEE systems Journal, vol. 11, no.
1, pp. 118-127, March 2017.

[31 M.S. Hossain, G. Muhammad, W. Abdul, B. Song, and B. Gupta,
”Cloud-assisted secure video transmission and sharing framework for
smart cities, “Elsevier, Future Generation Computer Systems Journal,
April 2017.

[4] K. Jack and K. William, “The UK-DALE datasets, domestic
appliance-level electricity demand and whole-house demand from five
UK homes, “Scientific Data, vol. 2, no. 150007, 2015. J. Liao, L.
Stankovic, and V. Stankovic, “Detecting household activity patterns
from smart meter data, “in Intelligent Environments (IE), 2014
International Conference on, 6 2014, pp. 71-78.

[5] J.Han, J. Pei, and M. Kamber, data mining: concept and techniques
(third edition). Morgan Kaufmann, 6 2011, ch. Chapter 6: Mining
frequent patterns, associations, and correlations: Basic Concepts and
methods, pp. 243-278.[online]. Auvailable:
http://www.sciencedirect.com/science/book/9780123814791.

[6] D.Heckerman, “Bayesian networks for data mining, “data mining and
knowledge discovery, vol. 1,no0.1,pp. 79-119,1997[online] available:
http://dx.DOL.org/10.1023/A:1009730122752.

[7] L. Ben-Gal, Bayesian network. John Wiley Sons, Itd, 2008. [online]
available: http://dx.DOL.org/10.1002/9780470061572.



