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Abstract— Internet users are using the complex task oriented 

works on the web is goes on increasing in recent years. The 

complex tasks are booking for travels, managing finances and 

planning for purchase the new things. The successful previous 

work, they usually break down the tasks into a few co-dependent 

steps and issue multiple queries around these steps repeatedly 

over long periods of time. For the better support, user s in the 

long term information quests on the web, the search engine keep 

track on their queries and clicks while searching in the online. In 

this paper, we examine the issues in the histories queries on the 

search engine. In order to overcome the issues, we introduce this 

paper. In this we propose an organizing user search historical 

queries into groups in a dynamic automated mode. By using this 

mode, the queries are searched by automatically. So, 

automatically identifying queries groups is very useful for a 

number of different search components and applications for the 

users.  The propose scheme automatically identifies a query 

suggestions, result ranking, query alterations, sessions and 

collaborative search. In our approach deals with that rely on 

textual similarity or time thresholds. We also propose that 

leverages search query logs. We experimentally study the 

performance of different techniques, and showcase their 

potential, especially when combined together 
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I. INTRODUCTION 

 

In recent years, personalization of the search engines is in 

active research field and the user profile edifice is an 

important property of any personalization system. To express 

the customization has been widely used to personalize the 

look and content of the websites is very beautiful manner. The 

personalized search engines approaches focus on the 

implicitly building and exploiting the user profiles. Many 

companies provide the marketing data for the search engines 

utilizes more and more, when it is compared to the direct 

navigation and web links. As search engines perform a larger 

role in commercial applications, the desire to increase their 

effectiveness grows. However, search engines are affected by 

problems such as ambiguity and results ordered by web site 

popularity rather than user interests. 

 

Recently, the number of users and richness of information 

increases, the complexity of the tasks also increasing. The 

users on the web are no longer content with issuing the simple 

navigational queries. Various studies show that the 20% of the 

queries are navigational in nature. And the rest of the 80% 

queries are transactional and informational queries. This is 

due to the users on the web undergoes many complex tasks 

oriented goals such as booking for travels, managing finances 

and planning for purchase the new things. In this task the 

users need many queries to complete the tasks. Each step in 

the complexity tasks needs one or more steps queries and each 

query results in one or more clicks on the relevant pages. 

Because of it requires many steps to complete the task, it 

creates many issues. 

 

One of the important step towards the queries on the search 

engine the enabling services and features helps the users 

during their complex on search quest online is the capability 

to identify and group related queries together. Recently, the 

some of the many search engines introduced the “Search 

History”. It is used to track the users for their online searches 

and it is recorded by queries and clicks towards a particular 

page or links. And these histories consist of four queries 

arranged in order of time of occurrence in the reverse order 

with their corresponding clicks. If we want to search their 

history, users can manipulate it by manually editing and 

organizing related queries and clicks into groups, or by 

sharing them with their friends.  While these features are 

helpful, the manual efforts involved can be disruptive and will 

be untenable as the search history gets longer over time. 

 

In this query grouping allows the search engines for the 

better understand a user’s session and effectively the user’s 

search experience according to their needs.  . Once query 

groups have been identified, search engines can have a good 

representation of the search context behind the current query 

using queries and clicks in the corresponding query group.  

Query group will help to improve the qualities of the key 

management of search engine such as query suggestions, 

collaborative search, sessionization, result ranking and query 

alterations. It also assists to promoting the task level into 

collaborative search. At any instance, set of queries groups 

created by the expert users, we can select the ones which is 

highly relevant to the current user’s query activity and 

recommended them to their needs. 
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To overcome the problems in the organizing a user’s search 

history, we propose that the set of query groups in this paper. 

In this each query groups is a collection of queries by the 

same user that are relevant to each other around a common 

information n needs of the users on the web. There set of 

queries group dynamically updated the issues of the users and 

new groups are created over the time. Organizing [38], the 

query groups within a user’s history is challenging for a 

number of reasons. First, related queries may not appear close 

to one another, as a search task may span days or even weeks. 

This is further complicated by the interleaving of queries and 

clicks from different search tasks due to users’ multitasking, 

opening multiple browser tabs, and frequently changing 

search topics. To achieve more effective and robust query 

grouping, we do not rely solely on textual or temporal 

properties of queries.  

We make the following contributions as the main, in this 

paper: 

 First, we motivate and propose a method to perform query 

grouping in a dynamic fashion. Secondly, we investigate how 

signals from search logs such as query reformulations and 

clicks can be used together to determine the relevance among 

query groups. And finally, we show through the experimental 

evaluation the effectiveness and its secure level of our 

proposed scheme. 

 

The rest of the paper is organized as follows. In Section II, 

we discuss about the related work of the paper. In Section III 

formally introduces our proposed scheme in the search 

engines. In Section IV we summarize about the algorithm. In 

Section V, we present the full simulation study of the 

proposed system. Finally, we conclude the paper and discuss 

future work in Section VI. 

 

II. RELATED WORKS 

 

In this section, we briefly discuss the works which is 

similar techniques as our approach but serve for different 

purposes. 

 

Mirco Speretta [39], in this paper he propose User profiles, 

descriptions of user interests, can be used by search engines to 

provide personalized search results. Many approaches to 

creating user profiles collect user information through proxy 

servers (to capture browsing histories) or desktop bots (to 

capture activities on a personal computer). Both these 

techniques require participation of the user to install the proxy 

server or the bot. In this study, we explore the use of a less-

invasive means of gathering user information for personalized 

search. In particular, we build user profiles based on activity 

at the search site itself and study the use of these profiles to 

provide search engine, we were able to collect information 

about individual user search activities. In particular, we 

collected the queries for which at least one search result was 

examined, and the snippets (titles and summaries) for each 

examined result  

 

Devang Karavadiya and , Purnima Singh [40], . In this 

paper, we study the problem of organizing a user’s historical 

queries into groups in a dynamic and automated fashion. 

Automatically identifying query groups is helpful for a 

number of different search engine components and 

applications, such as query suggestions, result ranking, query 

alterations, sessionization, and collaborative search. We 

experimentally study the performance of different techniques, 

and showcase their potential, especially when combined 

together. 

 

While we are not aware of any previous work that has the 

same objective of organizing user history into query groups, 

there has been prior work in determining whether two queries 

belong to the same search task. In recent work, Jones and 

Klinkner [4] and Boldi et al. [5] investigate the search-task 

identification problem. More specifically, Jones and Klinkner 

[4] considered a search session to consist of a number of tasks 

(missions), and each task further consists of a number of 

subtasks (goals). They trained a binary classifier with features 

based on time, text, and query logs to determine whether two 

queries belong to the same task. Boldi et al. [5] employed 

similar features to construct a query flow graph, where two 

queries linked by an edge were likely to be part of the same 

search mission. 

 

Our work differs from these prior works in the following 

aspects. First, the query-log based features in [4], [5] are 

extracted from co-occurrence statistics of query pairs. In our 

work, we additionally consider query pairs having common 

clicked URLs and we exploit both co-occurrence and click 

information through a combined query fusion graph. Jones 

and Klinkner [4] will not be able to break ties when an 

incoming query is considered relevant to two existing query 

groups. Additionally, our approach does not involve learning 

and thus does not require manual labeling and retraining as 

more search data come in; our Markov random walk approach 

essentially requires maintaining an updated query fusion 

graph. Finally, our goal is to provide users with useful query 

groups on-the-fly while respecting existing query groups. On 

the other hand, search task identification is mostly done at 

server side with goals such as personalization, query 

suggestions [5], etc. 

 

Some prior work also looked at the problem of how to 

segment a user’s query streams into “sessions.” In most cases, 

this segmentation was based on a “time-out threshold” [21], 

[22], [23], [24], [25], [26], [27]. Some of them, such as [23], 

[26], looked at the segmentation of a user’s browsing activity, 

and not search activity. Silverstein et al. [27] proposed a time-

out threshold value of 5 minutes, while others [21], [22], [24], 

[25] used various threshold values. As shown in Section 5, 

time is not a good basis for identifying query groups, as users 
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may be multitasking when searching online [3], thus resulting 

in interleaved query groups. 

 

The notion of using text similarity to identify related 

queries has been proposed in prior work. He et al. [24] and 

Ozmutlu and C¸ avdur [28] used the overlap of terms of two 

queries to detect changes in the topics of the searches. Lau and 

Horvitz [29] studied the different refinement classes based on 

the keywords in queries, and attempted to predict these classes 

using a Bayesian classifier. Radlinski and Joachims [30] 

identified query sequences (called chains) by employing a 

classifier that combines a timeout threshold with textual 

similarity features of the queries, as well as the results 

returned by those queries. While text similarity may work in 

some cases, it may fail to capture cases where there is 

“semantic” similarity between queries (e.g., “ipod” and “apple 

store”) but no textual similarity. In Section 5, we investigate 

how we can use textual similarity to complement approaches 

based on search logs to obtain better performance. 

 

The problem of online query grouping is also related to 

query clustering [13], [31], [6], [7], [32]. The authors in [13] 

found query clusters to be used as possible questions for a 

FAQ feature in an Encarta reference website by relying on 

both text and click features. In Beeferman and Berger [6] and 

Baeza-Yates and Tiberi [7], commonly clicked URLs on 

query-click bipartite graph are used to cluster queries. The 

authors in [31] defined clusters as bicliques in the click graph. 

Unlike online query grouping, the queries to be clustered are 

provided in advance, and might come from many different 

users. The query clustering process is also a batch process that 

can be accomplished offline. While these prior work make use 

of click graphs, our approach is much richer in that we use the 

click graph in combination with the reformulation graph, and 

we also consider indirect relationships between queries 

connected beyond one hop in the click graph. This problem is 

also related to document clustering [33], [34], with the major 

difference being the focus on clustering queries (only a few 

words) as compared to clustering documents for which term 

distributions can be estimated well. 
 

 

 

III. PROPOSED WORK 

To overcome the problems in the organizing a user’s search 

history, we propose that the set of query groups in this paper. 

In this each query groups is a collection of queries by the 

same user that are relevant to each other around a common 

information n needs of the users on the web. There set of 

queries group dynamically updated the issues of the users and 

new groups are created over the time. Organizing [38], the 

query groups within a user’s history is challenging for a 

number of reasons. First, related queries may not appear close 

to one another, as a search task may span days or even weeks. 

This is further complicated by the interleaving of queries and 

clicks from different search tasks due to users’ multitasking, 

opening multiple browser tabs, and frequently changing 

search topics. To achieve more effective and robust query 

grouping, we do not rely solely on textual or temporal 

properties of queries.  

There are 3 contributions are proposed in the Organizing 

User Search Histories. We make the following contributions 

as the main, in this paper: 

 

First contribution is to motivate and propose the method to 

perform query grouping in a dynamic fashion. Goal of our 

proposed system is to ensure the good performance while 

avoiding the break of existing user-defined query groups. 

Secondly, we study into how the signals from search logs such 

as query reformulations and clicks can be used to find the 

same query groups. So that, we examine the two potential 

ways of using clicks in order to enhance this process: 1) by 

fusing the query reformulation graph and the query click 

graph into a single graph that we refer to as the query fusion 

graph, and 2) by expanding the query set when computing 

relevance to also include other queries with similar clicked 

URLs. And finally, we show through the experimental 

evaluation the effectiveness and its secure level of our 

proposed scheme when it is compared to the other system. 

USER ADMIN

REQUEST FOR LOGIN

DATABASE

Search for keyword

Acknowledgement for keyword

Browse User Details

Acknowledgement for login

Request for login

Acknowledgement for login

Browse User HIstory

Browse search history

 
 

 

 

 

IV. CONCLUSION AND FUTURE WORKS 

 

 In this paper we showed that the proposed scheme such 

that information can be used effectively for the task pf 

organizing user search histories into query groups. More 

specifically, we propose combining the two graphs into a 
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query fusion graph. We further show that our approach that is 

based on probabilistic random walks over the query fusion 

graph outperforms time-based and keyword similarity-based 

approaches. We also find value in combining our method with 

keyword similarity-based methods, especially when there is 

insufficient usage information about the queries. As future 

work, we intend to investigate the usefulness of the 

knowledge gained from these query groups in various 

applications such as providing query suggestions and biasing 

the ranking of search results. 
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