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Abstract- during the past few years, content based image retrieval
(CBIR) has gained much attention for its potential applications
in multimedia management. It is motivated by the explosive
growth of image records and the online accessibility of remotely
stored images. An effective search scheme is urgently required to
manage huge image database. Different from the traditional
search engine in CBIR, an image query is described by using one
or more example images and low-level visual features(eg color,
texture, shape, etc..,) are automatically extracted to represent the
image in the database. However the low-level features captured
from the images may not accurately characterize the high-level
semantic concepts. We proposed a new scheme of Sprinkling
Relevance Feedback(SRF) for improving the performance and
bridging the gap in CBIR, so we modified SVM called CLSVM
(categorical label support vector machine) and compared with
typical approach by query stretching (QS), we demonstrate that
our suggest scheme can significantly improve the computation
time and memory from the detailed view.

I. INTRODUCTION

In the content based image retrieval, the information which
are important to transmit can be hidden inside the image, it
based on the pixels, color etc., Users cannot identify the image
with those contents, it may arise in many problems. So a new
model of relevance feedback by sprinkling can be used to
enhance it. The users may give a feedback for this technique,
processing on them by classifying the positive and negative
feedback. A positive feedback can steadily try to improve the
performance and the negative feedback may involve
neglecting the problematic issues and need to develop a new
model. Another drawback is the unlabelled data, which can be
easily eliminated that have to be carefully handled. All of
them were processed using semi BMMA. But still it may
show some difficulties in computation. For these purpose we
modified a new scheme called SRF (Sprinkling relevance
feedback) and QS(query stretching). The second section tells
about system architecture the third section deals about the
design goals and the next section deals with related works.
The last section is conclusion.

Il. RELATED WORKS

An information retrieval (IR) system locates information
that is relevant to a user’s query. Hirmath andpujari[3]
proposed CBIR system based on several features by
portioning the image into tiles. An IR system typically
searches in collections of unstructured or semi-structured data.
Similar to Moore’s law of continual processor speed increase,
there has been a consistent doubling in digital storage capacity
every two years. The number of bits of information packed
into a square inch of hard drive surface grew from 2,000 bits
in 1956 to 100 billion bits in 2005[1]. With the growth of
digitized unstructured information and, via high speed
networks, rapid global access to enormous quantities of that
information, the only viable solution to finding relevant items
from these large text databases was search, and IR systems
became ubiquitous. Matsumoto, R. Du Zhang, Meiliu Lu has
authored a paper about image retrieval based on two methods.
They are Support vector machine, Navie Bayes Classifier. .
The content can be taken from the image with some of
processing steps. The problem can be noticed that some of the
image query can be left, so that the feedback can be collected
from the user and it can be grouped into two categories
positive and negative feedback, unlabeled data after
performing it in relevance feedback if the result will be out of
problem it can give the final results otherwise again it will do
the operation as same as before and it needs to improve the
computation time and memory then goes for SRF, CLSVM,
QS. Then the final result can be noticed.

I1l. PROPOSED WORK

Our design goal contains two main methods of relevance
feedback. First is Categorical label SVM and the next is
Query Stretching.

Sprinkling RF:

In a CBIR system, user can demonstrates query that will
result in a set of similar images. The images which are
returned are not completely related to them. So they use SRF



International Journal of Emerging Technology in Computer Science & Electronics (IJETCSE)
ISSN: 0976-1353 Volume 4 Issue 1 -DECEMBER 2013.

again. To improve the learning methods, the relevance
feedback model is repeatedly checks to attain the target. The
query Stretching model can retrieve many other related
images. A sampling can be taken in order to process. Before
introducing SVM,we clearly describe about how to sprinkle
the relevance feedback output and can eliminate the gap
between semantics. The relevance matrix can be taken in
order to arrange the image database. The column in the SRF
matrix represents the sample images and databases. The row
represents the session number of the images.

SVM:

As a detailed history of classification, SVM describes the
principle of Structured Rule Minimization (SRM) based on
the Vapnik- Chervonenkis (VC) theory. It has powerful
Generalization performance on many pattern classification
problems. In General, given observation (x, y) € x*y,
i=1,........ where x ¢ Rn is the input space and y, €y is the
associated label given a trusted source. It can extracted by a
training machine using a set of parameters, the test error of
expectation is, S(a) is the future risk. The hyper plane in the
SVM, as the trained data measures the different margin d, the
hyper plane can be scaled as categorical label is engaged to
find into products in k(xi, x j) =@(xi). O (x j).

CLSVM:

The labels of the data are from the authentify source, if they
may arise on some critical data it generates the previously
computed decision. By reducing the risk from it, we may
introduce a confidence degree of data in SVM and
recommended in CLSVM as follows.

Given a categorical label c, the corresponding unordered
label set U can be as,

U=sin (i) = {+1,-1} L(X,Y,s,,&,0,0) = 1/2 ||X]|12

Dual optimization problem isnuma 2> 1,j&1,&j,y1,y
Jk(x1, x])

i &iyi=0 Yi &l yi>0

IV.ALGORITHM

GRF algorithm:

It is similar to SVM of building relevance feedback model
of positive and negative with confidence degrees. Based on
the query, a set of n samples are given to the users. It begins a
query part of QS, the total samples are consider as group of
basic seeds. To attack the problem, use implement relevance
feedback by a labeled value of m, n for each image m with
respect to seed n, obtained by normalizing.

Qnm={Smn|maxnSmn

{~SmniminnSmn

IfSmn>0,<0,=0.

Query Stretching:

Based on the user query, it searches for the relevant set of
images and processing on them to display only the images
which are closely similar to the user content. By Processing
on the query it show different set of images, but some of them
are not dissimilar to that so being processes have to be

refining again and again to get the original set of relevant
images.

V. CONCLUSION AND FUTURE WORK

The CBIR can be implemented by modified CLSVM is
attain more efficient. This model also reduces the computation
time and memory by combining with above methods. Further
it may develop to increase the performance and make the
content based image retrieval as a powerful implementing the
tools with minimum computation process.
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