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Abstract--In this project, we discover the query facets for finding
the address of retrieving query facets which are multiple groups
of words or phrases that describe and review the content
protected by a query. We expect that the essential features of a
query are usually presented and repeated in the query’s top
retrieved records in the style of lists, and query facets can be
mined out by aggregating these essential lists. We propose a
systematic solution, which we refer to as Bilateral K means
algorithm, to automatically mine query facets by extracting and
grouping frequent lists from free text, HTML tags, and ranking
based pattern matching regions within top search results. As a
matter of results show that a large number of lists do exist and
useful query facets can be mined by bilateral K means. We
further analyze the problem of list duplication, and find better
query facets can be mined by modeling fine-grained similarities
between lists and penalizing the duplicated lists.
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I INTRODUCTION

The rapid development of multimedia and network
technologies have led to an explosive growth of social media
in recent years. Therefore, efficient search technologies for
social media corpus, such as Flickrl and YouTube, are of
great importance. Unlike general media search that heavily
relies on the contextual text information, such as titles,
surrounding text and alternative texts on web pages, and
content-based multimedia retrieval, social media data are
frequently associated with user generated tags that describe
the images, provide meta information (i.e. date, location, etc.),
or express any other sentiment. These tags can be used to
index the multimedia data to facilitate their search. Extensive
research efforts have been dedicated to tag-based multimedia
analysis.

The conventional tag-based social image search
methods cannot achieve satisfactory results for two reasons.
First, there is too much noise in user-provided tags. Many tags
are irrelevant or incorrectly spelled. As reported only about
50% of the tags provided by Flickr users are really related to
the images. Second, it lacks an optimal ranking strategy. Take
Flickr website as an example. There are two ranking options
for tag-based social image search, namely, time-based ranking
and interestingness-based ranking.
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The time-based ranking method ranks images based
on the uploading time of each image, and the interestingness-
based ranking method ranks images based on each image’s
interestingness in Flickr. These methods do not take the visual
content and tags of images in to consideration. Therefore, both
of these two ranking strategies are not based on relevance
measure, and thus the search results are not sufficiently good
in terms of relevance. Therefore, efficient tag-based social
image search methods are highly desired.

A hyper graph-based approach to simultaneously
utilize visual information and tags for image relevance
learning. The scheme of our proposed. In the proposed
method, each social image is represented by bag-of-textual-
words and bag-of visual- words features, which are generated
from the tags and the visual content of the image, respectively.
A hyper graph is constructed, in which the vertices denote the
social images for ranking, and each visual word or tag
generates a hyper edge. In such a hyper graph learning
scheme, both the visual content and the tag information are
taken into consideration at the same time. Different from the
method by using the traditional hyper graph learning
approaches that adopts fixed hyper edge weights and further
learn the weights which indicate the importance of different
visual words and tags. In this way, the effects of the
informative visual words and tags can be enhanced. In the
learning process, the first identify a set of pseudo relevant
samples based on tags.

The calculate relevance scores of images by
iteratively updating them and the weights of hyper edges. The
conduct experiments on a real world dataset from Flickr and
experimental results demonstrate the effectiveness of the
approach. The rest of the paper is organized as follows. It
briefly reviews related work on social image search and hyper
graph learning.

1. EXISTING SYSTEM

The Existing system will have actually persisted a lot
of literary works on hyper graph dividing, which arises from a
wide range of realistic problems, such as dividing routine net
lists, clustering categorical data, and image segmentation.
However, the most current techniques use labels and visible
features either independently or sequentially in order to
estimate the relevance of images. Most of current techniques
first to execute textual content-based research, and then the
visible material is employed in the second image search levels.
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Disadvantages
e Existing methods use tags and visual characteristics
either separately or sequentially in order to estimate
the relevance of images.
e Existing methods use visual and tag information
separately or sequentially.

M. PROPOSED SYSTEM

Introduction

In the proposed technique, each image is showed by
bag-of-textual-words and bag-of visual-words functions,
which are produced from the labels and the visible material of
the images, respectively. A hyper-graph is designed, in which
the vertices signify the images for position, and each visible
term or tag or shapes produces a hyper-edge. In such a hyper-
graph studying plan, both the visible material and the tag
details are taken into account simultaneously.
Advantages

e Re-rank images by exploring the contents of images
and their associated tags.

e Image is represented by a vertex in the constructed
hyper-graph, and the visual clustering results are
employed to construct the hyper-edges.

System Architecture

Exrped
Fes

Bilateral filter
A bilateral filter is a non-linear, edge-preserving and noise-
reducing smoothing filter for images. The intensity value at
each pixel in an image is replaced by a weighted average of
intensity values from nearby pixels. This weight can be based
on a Gaussian distribution. Crucially, the weights depend not
onlyon Euclidean distance of pixels, but also on the
radiometric differences (e.g. range differences, such as color
intensity, depth distance, etc.). This preserves sharp edges by
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systematically looping through each pixel and adjusting
weights to the adjacent pixels accordingly.
The bilateral filter is deflned as

Iﬁlt:ered (

:1:z =]
where the normalization term

W = > fr(Il(z:) = I(x) [ gsllx: — )

Tkl
ensures that the filter preserves image energy and

filtered
I ‘ is the filtered image;

o [listhe original input image to be filtered;
o I are the coordinates of the current pixel to be filtered;
o £)isthe window centered in &;

° fr is the range kernel for smoothing differences in
intensities. This function can be a Gaussian function;

o fsis the spatial kernel for smoothing differences in
coordinates. This function can bera Gaussian function;

1/
As mentioned above, the weight " P is assigned using the
spatial closeness and the intensity difference.l¥! Consider a

pixel located at (Esj)which needs to be denoised in image
using its neighbouring pixels and one of its neighbouring

pixels is located at(k E) Then, the weight assigned for

pixel U‘: lE)to denoise  the  pixel (3 j) is  given
by:
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whereoy and o, are smoothing parameters and I(i, j) and I(k, 1)
are the intensity of plxels(E j)and(k |E)respectlvely
After calculating the weights, normalize
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where jrJD is the denoised intensity of pixel (E! .?).
1Parameters

2Limitations

3Implementations

4Related models

5See also

6External links

7References

Parameters

e As the range parameter o, increases, the bilateral filter
gradually approaches Gaussian convolution more closely
because the range Gaussian widens and flattens, which
means that it becomes nearly constant over the intensity
interval of the image.

e As the spatial parameter o4 increases, the larger features
get smoothened.

= 7 & @) () = 1) Do


https://en.wikipedia.org/wiki/Noise_reduction
https://en.wikipedia.org/wiki/Noise_reduction
https://en.wikipedia.org/wiki/Smoothing
https://en.wikipedia.org/wiki/Digital_image_processing
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-1
https://en.wikipedia.org/wiki/Bilateral_filter#Parameters
https://en.wikipedia.org/wiki/Bilateral_filter#Limitations
https://en.wikipedia.org/wiki/Bilateral_filter#Implementations
https://en.wikipedia.org/wiki/Bilateral_filter#Related_models
https://en.wikipedia.org/wiki/Bilateral_filter#See_also
https://en.wikipedia.org/wiki/Bilateral_filter#External_links
https://en.wikipedia.org/wiki/Bilateral_filter#References
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Limitations

The bilateral filter in its direct form can introduce several
types of image artifacts:

e Staircase effect - intensity plateaus that lead to images
appearing like cartoons [1]

e Gradient reversal - introduction of false edges in the
image [2]

There exist several extensions to the filter that deal with these
artifacts. Alternative filters, like the guided filter [3], have also
been proposed as an efficient alternative without these
limitations.

Implementations

Adobe Photoshop implements a bilateral filter in its surface
blur tool. GIMP implements a bilateral filter in its Filters--
>Blur tools; and it is called Selective Gaussian Blur'.

Related models

The Bilateral filter was shown to be an application of the short
time kernel of the Beltrami flow .2 See also.2!

With similar goal as the Bilateral filter, the class of edge-
preserving smoothing filters also includes: Anisotropic
Diffusion, the Weighted Least Squares framework,™! the
Edge-Avoiding ~ Wavelets,™ Geodesic  editing,™® Guided
filtering,” and the Domain Transform framework.®!

See also

e  Gaussian filter

e  Gaussian function
e  Gaussian blur

e  Convolution

External links

o Kaiming He: Guided image filtering (faster than bilateral
filter and avoids staircasing and gradient reversal
artifacts)

e Kunal N. Chaudhury Constant-time filtering

e Kunal N. Chaudhury, Daniel Sage, and Michael
Unser Matlab code, Fast Bilateral Filter Accelerated
Shiftable Filter

e Kunal N. Chaudhury Fast Gauss-Polynomial Bilateral
Filter

e HaarithDevarajan, Harold Nyikal, Bilateral Filters,
in: Image Scaling and Bilateral Filtering 2006 course

e Sylvain Paris, Pierre Kornprobst, Jack Tumblin, Frédo
Durand, Bilateral Filtering: Theory and
Applications, preprint

e Sylvain Paris, Pierre Kornprobst, Jack Tumblin, Frédo
Durand, A Gentle Introduction to Bilateral Filtering and
its Applications, SIGGRAPH 2008 class
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e Ben Weiss, Fast Median and Bilateral
Filtering, SIGGRAPH 2006 preprint

Carlo Tomasi, Roberto Manduchi, Bilateral Filtering for
Gray and Color  Images (shorter HTML version),

proceedings of the ICCV 1998

Modules
e Login Module
e  Admin Authentication Module
e Registration Module
e  Searching Module
Searching Module-Image Search
Searching Module-Textual Search
e False Hits Module

e Content Module

V. MODULE DESCRIPTION

Login Module

It is the module which is used for login purpose. In
this module the admin or member type their user-name and
their password .If both username and password is match with
what is in the database then it goes to the next module.
Admin Authentication Module

Admin authentication is used to login the admin. It is
used to verify he/she is a admin. In case they are not admin
they can only search but admin can also access the search
engine. The admin module also have an important process of
giving an approve to each image uploaded by member. Only if
admin gives approve from this module the image gets stored
in content module or else the image doesn’t get stored in
database.
Registration Module

Registration Module is the module which is used to

upload each and every information of every member. Once the
information are entered it gets stored in database. Once the
member details are entered it displays the message that
message has been send to mail.
Searching Module

A module that is used to select whether the user have
to search by image search or by Textual search.
Searching Module-Image Search

A program that searches for image which is based on
RGB color and display it when the user search it. It is used to
search the image from the database.
Searching Module-Textual Search


http://people.csail.mit.edu/sparis/bf_course/slides/09_limitations.pdf
http://research.microsoft.com/en-us/um/people/kahe/eccv10/eccv10ppt.pdf
http://research.microsoft.com/en-us/um/people/kahe/eccv10/
https://en.wikipedia.org/wiki/Adobe_Photoshop
https://en.wikipedia.org/wiki/GIMP
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-2
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-3
https://en.wikipedia.org/wiki/Anisotropic_Diffusion
https://en.wikipedia.org/wiki/Anisotropic_Diffusion
https://en.wikipedia.org/wiki/Anisotropic_Diffusion
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-4
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-5
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-6
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-7
https://en.wikipedia.org/wiki/Bilateral_filter#cite_note-8
https://en.wikipedia.org/wiki/Gaussian_filter
https://en.wikipedia.org/wiki/Gaussian_function
https://en.wikipedia.org/wiki/Gaussian_blur
https://en.wikipedia.org/wiki/Convolution
http://research.microsoft.com/en-us/um/people/kahe/eccv10/
https://sites.google.com/site/kunalnchaudhury/Publications/journals/manuscript.pdf
https://www.mathworks.com/matlabcentral/fileexchange/36657-fast-bilateral-filter
http://bigwww.epfl.ch/chaudhury/Fast%20bilateral%20filtering.pdf
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6324435
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6324435
http://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6324435
https://sites.google.com/site/kunalnchaudhury/Research/Publications/GBF.pdf
https://sites.google.com/site/kunalnchaudhury/Research/Publications/GBF.pdf
http://scien.stanford.edu/pages/labsite/2006/psych221/projects/06/imagescaling/bilati.html
http://scien.stanford.edu/pages/labsite/2006/psych221/projects/06/imagescaling/
http://dx.doi.org/10.1561/0600000020
http://dx.doi.org/10.1561/0600000020
http://dx.doi.org/10.1561/0600000020
http://people.csail.mit.edu/sparis/#fntcgv
http://people.csail.mit.edu/sparis/bf_course/
http://people.csail.mit.edu/sparis/bf_course/
http://people.csail.mit.edu/sparis/bf_course/
http://www.siggraph.org/s2008/
http://www.shellandslate.com/download/fastmedian_5506.pdf
http://www.shellandslate.com/download/fastmedian_5506.pdf
http://www.shellandslate.com/download/fastmedian_5506.pdf
http://www.siggraph.org/s2006/
http://www.cse.ucsc.edu/~manduchi/Papers/ICCV98.pdf
http://www.cse.ucsc.edu/~manduchi/Papers/ICCV98.pdf
http://www.cse.ucsc.edu/~manduchi/Papers/ICCV98.pdf
http://homepages.inf.ed.ac.uk/rbf/CVonline/LOCAL_COPIES/MANDUCHI1/Bilateral_Filtering.html
http://www.umiacs.umd.edu/users/lsd/iccv/
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A program that searches for and identifies items in a
database that correspond to keywords or characters specified
by the user, used especially for finding particular sites on the
Internet.

False Hits Module

False Hit module is one which is used to display the
counting time of the image is being searched by the people. In
simple words it is used to display how many times an image is
searched.

Content Module

Content Module is one in which a both Admin and
Member used to upload images to the website and they used to
give tag names, its description and divide its category and
etc...It is used to upload any types of image but not video
files.
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V. CONCLUSION
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